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PHYSICAL Al

AUTONOMOUS VEHICLES
GENERAL ROBOQOTICS

AGENTIC Al

CODING ASSISTANT
CUSTOMER SERVICE
PATIENT CARE

GENERATIVE Al

DIGITAL MARKETING
2012 ALEXNET CONTENT CREATION

PERCEPTION Al

SPEECH RECOGNITION
DEEP RECSYS
MEDICAL IMAGING
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FROM ONE TO THREE
SCALING LAWS

TEST-TIME'SCALING
"LONG THINKING”

"INTELLIGENCE"

POST-TRAINING SCALING

PRE-TRAINING SCALING

PERCEPTION GENERA P A

Al Al



FROM ONE TO THREE
SCALING LAWS

TEST-TIME'SCALING
"LONG THINKING”

"INTELLIGENCE"
REASONING Al INFERENCE
COMPUTE
>100X ONE-SHOT

POST-TRAINING SCALING

PRE-TRAINING SCALING

| PERCEPTION

GENERA PHYSICA
EPTION. i ENEEI TIVE \ AGiI\IITIC ) Hvic ]



FROM ONE TO THREE
SCALING LAWS

TEST-TIME“SCALING
"LONG THINKING”

| VERIFIER

"INTELLIGENCE"
. - ANSWER

POST-TRAINING WITH RLVR
>100T TOKENS

PRE-TRAINING SCALING

PERCEPTION

G
£ , y GENERATIVE

o AGENTIC | PHYSICAL
Al —

Al




Top 4 US CSPs
3.60M

B Blackwell GPUs So Far
(2-GPUs per Chip)

1.3
Hopper GPUs

2024 2025



Computing At Inflection Point

$1,000
$1T+
$750
B NVDA DC Revenue
Data Center Capex
$500 (Dell'Oro Projections)
$250

— L
2022 2023 2024 2025 2026 2027 2028




WARP
PHYSICS

cuDF
cuML

DATA SCIENCE
AND PROCESSING

cuDSS
cuSPARSE

cUFFT

AMGX

COMPUTER AIDED
ENGINEERING

CUDA-X FOR EVERY INDUSTRY

MONAI PARABRICKS cUOPT AERIAL
FQUIVARIANCE ~ CVGUANTUM EARTH-2 CENE . SIONNA
TRT-LLM - CUDA-Q WE MEDICAL DECISION
ATHER SEQUENCING 5G/6G
MEGATRON CUTENSOR ANALYTICS IMAGING OPTIMIZATION S¢/06
NCCL QUANTUM PROCESSING
QUANTUM COMPUTING
cuDNN CHEMISTRY
CUTLASS
cuBLAS
DEEP

LEARNING

cuLITHO

COMPUTATIONAL
LITHOGRAPHY

cuPYNUMERIC

NUMERICAL
COMPUTING






Al FOR EVERY INDUSTRY

ROBQOTS, AV

Omniverse-Cosmos
Isaac GROOT
DRIVE AV

ENTERPRISE IT

NVIDIA Al Enterprise

___
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CLOUD SERVIC

ROBOTIC PROVIDERS
MA:IQFACIURING 0 Leading Technology
B Full-Stack Al
CUDA-X Diverse Applications
Rich Developer Ecosystem
EDGE, 6G GPU CLOUDS

Aerial-Sionna Al Factory
6G Al-RAN Blueprint and Full Stack
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Announcing NVIDIA Halos
Chip-to-Deployment AV Safety System

|
-
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Exhibits M

Al Conference March 17-¢

- nod -
Keynote  Session Catalog  Agenda Atte

Autonomous Vehicle
Safety Day

i i ~ - ~rmaiie vahicles. In i-hl,:.
Safety is the top priority in autonomous vehicles. In this

orkshop, we'll show ow NVIDIA is accelerating the

. - AN e
ecure Avs.

View All Autonomous Vehicle Safety Sessions

Featured Sessions
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Introduction to NVIDIA's Strategy for Guardralls for AV Safety Across the
AV Safety [ST4T43] Product Life Cycle [ST4744]
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Tiawaalig e 10 ] 100 DR « 150 B9 POT
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Exgl-:-rlt.g NVIDIA's Strategy for AV From Research to Production:
Satety [CWE74730] Transforming AV Technology With Al
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Advancing AV Devel A
Song 'g Wi lJP.IT'If.‘T_It With Advaricing Al to Build th ) .
sensor Simulation and Cosmaos v uild the Most-Trusted

[DDaoonz] or [572844)

Bavtham Shotingar | B 1
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Sponsors & Exhibitors

More -
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Safety Regulation and Standardization
in the Era of Al-Based A\s [S74745]

Tupsday War 10 [ 300 PW - 350 P POT
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Accelerate the Future of Al-Defined
Vehicles and Autonomous Oriving
{DDaDoo0]

Horghou Wu v

Thesrwrday b 56 | R:00 4B - B840 AN PDT

R Fube b
Al's Next Frontier: Taking Autonomy
from Digital to Physical Reality
[57302a])

Bsgarl Urtanun
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Mavigating the High-Stakes Safety
Challenges of Autonomous Driving
[S73122]
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Develaping Next-Gen AVs with Physizal
Al-Powered World Foundation Models
[DD4ooo1]
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Thursday Adar 20 | 100.AM, - #40 AW PET

Talks & Formn

Cr_af-ting a New Automotive Experience
With End-te-End Embodied Al [572691]

Alux Krodal | ¢
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Grace Blackwell in Full Production
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NVIDIA Blackwell System

130 Trillion Transistors

!
Gl

2.592 Grace CPU Cores

®» 72 ConnectX-8 NICs

18 BlueField DPUs

o

b T

[ e o]

(FES

_v ..:-i.llt_
i Eperer
ﬁ .-........l_

AL :.rhu.

1.1 EFFP4

72 Blackwell GPUs

20TB ®
576 TB/s

576 Memory Chips

18 NVLink Switches
130 TB/s All-to-All
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Inference At-Scale Is Extreme Computing

Revenue

4

Throughput

Tokens per Second ELOPS /

For Factory HBM Memory
HBM Bandwidth
Software and

Architecture

SmartAl ——————m>
Fast Response

Tokens per Second
For One User



| need to seat 7 people around a table at my wedding reception, but my parents and

in-laws should not sit next to each other. Also, my wife insists we look better in pictures

when she's on my left, but | need to sit next to my best man. How do | seat us on a round

table? But then, what happens if we invited our pastor to sit with us?

Traditional LLM Model Reasoning Model
Tokens: 439 Tokens: 8,559

20x More Tokens
150x More Compute
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Announcing NVIDIA Dynamo

Distributed Inference Serving Library

} LCommunication Library (NIXL)}
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Throughput ===l

TPS / MW
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TPS / MW
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TPS / MW
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TPS / MW
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TPS / MW
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TPS / MW

10,000,000

9,000,000

8,000,000

/7,000,000

6,000,000

5,000,000

4,000,000

3,000,000

2,000,000

1,000,000

Blackwell 25X

FP4, NVL72, Dynamo, and TRT-LLM Continuous Optimization

Hopper

1K ISL / 2K OSL

EP8, Batch 3072,
EP32, Batch 1792, Disagg Off
EP64, Batch 896, Disagg Off
EP64, Batch 512, Disagg Off

EP64, Batch 384, Disagg Off

EPG64, Batch 256, Disagg Off

Blackwell
FP4
Hopper NVL72
Dynamo
100 200 300

TPS for 1 User

EP64, Batch 128, Disagg Off

EP64+EP4, Batch 64,

EP64+EP4, Batch 32,

EP64+EP4, Batch 16,

1010

Smart Al
Fast Response

EP64+EP4, Batch 8,

500

——

EP64+EP4, Batch 4,

EP64+EP4, Batch 2,

TEPBEP8+EP4, Batch 4,

5100

TEP16+EP4,



Throughput ==l

TPS / MW

Blackwell 40X Hopper

FP4, NVL72, Dynamo, and TRT-LLM Continuous Optimization
32K ISL / 8K OSL

1,000,000 EPG64PP2+PP4, Batch 480,
EP64PP2+PP4. Batch 224,
900,000 EP64PP2+PP4, Batch 160, 48% Context

EP64PP4+PP4, Batch 224, 46% Context

800,000 EP64PP4+PP4, Batch 160 44% Context
EP64+EP4 Batch 32,
700,000
EP64+EP4, Batch 16,
500000 EP64+EP4, Batch 8,
EP64+EP4, Batch 4,
500,000 EP64+EP4, Batch 2,
EP64+EP4 Batch 1.
400,000 TEP4+EP4, Batch 1,
Blackwell
300,000 FP4
Hopper NV 72 TEP16+EP4,
FP8 Dynamo TEP32+EP4, Batch 1,
200,000 NVLS8
Dynamo

100,000

0

0 100 200 300 400 500 600
Smart Al
TPS for 1 User ———ly

Fast Response
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H100 NVLS

100 MW Al Factory

GPU Dies

45K

1,400

Racks

300M

Data Center Productivity

32K, OSL=8K @ Pareto optimal TPS/User

DeepSeek R1 Context and Generation, , ISL



Blackwell 40X Hopper Inference Performance
NVLInk Flops Per Watt ~ Al Factory Output
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100 MW Al Factory H100 NVLS8 GB200 NVL /72

GPU Dies 45K 89K

Racks 1,400 600

Data Center Productivity 300M 12,000M 40X More Token Revenue

DeepSeek R1 Context and Generation, , ISL=32K, OSL=8K @ Pareto optimal TPS/User
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Blackwell Ultra NVL72

Second Half 2025

1.1 EF Dense FP4 Inference
0.36 EF FP8 Training
1.5X GB200 NVL72

New Attention Instructions
2X

20 TB HBM | 40 TB Fast Memory
1.5X
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Oberon Rack
Liquid Cooled

Grace

Blackwell Ultra

2 Reticle-Sized GPUs
15PF Dense FP4 | 288GB HBM3e



Oberon Rack
Liquid Cooled

Vera Rubin NVL144

Second Half 2026

3.6 EF FP4 Inference
1.2 EF FP8 Training
3.3X GB300 NVL72

13 TB/s HBM4
/5 TB Fast Memory
1.6X

260 TB/s NVLINnk6
2X

28.8 TB/s CX9
2X

388 Custom Arm Cores
176 Threads
1.8 TB/s NVLInk-C2C

Rubin

2 Reticle-Sized GPUs
50PF FP4 | 288GB HBM4



Kyber Rack
Liquid Cooled

Rubin Ultra NVL576

Second Half 2027

15 EF FP4 Inference
5 EF FP8 Training
14X GB300 NVL72

4.6 PB/s HBMA4e
365 B Fast Memory
8X

1.5 PBs NVLInk7
12X

115.2 TB/s CX9
8X

388 Custom Arm Cores
176 Threads
1.8 TB/s NVLInk-C2C

Rubin Ultra
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150 TB

15 EF FP4
4600 PB/s

576 Rubin GPUs

2,304 Memory Chips
144 NVLink Switches
1500 PB/s



NVIDIA Blackwell System

72 Blackwell GPUs

11 EF FP4 / 130 Trillion Transistors

576 Memory Chips & 2,592 Grace CPU Cores

20TB ®
576 TB/s

/2 ConnectX-8 NICs

B
18 NVLink Switches & l/ 18 BlueField DPUs

130 TB/s

Grace Blackwell NVLink72




Fast Roadmap Drives Al Factory Economics

() ()

Perf = Leadership TCO / Perf = Cost

——— J 900 — J

0.13
638
1 — -
T
Hopper Blackwell Rubin Hopper Blackwell Rubin

*Without sparsity
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CISCO

Spectrum-X “Supercharged” Ethernet

Powering the World’'s Most Advanced Al Clouds and Factories
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NVIDIA Photonics

CPO Co-Invention With Ecosystem Partners

15t 1.6T Silicon Photonics CPO Chip -
New Micro Ring Modulators (MRM)

15t 3D-Stacked Silicon Photonics Engine
with TSMC Process

High-Power, High-Efficiency Lasers

Detachable Fiber Connectors

100’s of Patents, Licensed to Partners

Spectrum-X
Integrated Silicon Photonics
2"d Half 2026 Quantum-X
Integrated Silicon Photonics

2nd Half 2025

Aok COHERENT CORNING fabrinet ‘Foxconn 7 LUMENTUM SENKO’ =EiL

BROWAVE
CORPORATION

SUMITOMO e
ELECTRIC |.|-C
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Announcing NVIDIA Photonics Switch Systems
World’'s Most Advanced Co-Packaged Optical Switches

Spectrum-X Photonics Quantum-X Photonics
2nd Half 2026 2nd Half 2025

144 Ports of 800G | 576 x 200G

128 Ports of 800G | 512 x 200G

512 Ports of 800G | 2K x 200G



COMPUTE

NVLINK
(SCALE-UP)

NETWORKING
(SCALE-OUT)

Blackwell

NVIDIA Paves Road to Gigawatt Al Factories
One-Year Rhythm | Full-Stack | One Architecture | CUDA Everywhere

Rubin

Feynman

Blackwell
8S HBM3e

Grace CPU

5th Gen NVL 72
1800 GB/s

Blackwell Ultra
8S HBM3e

Ld

Rubin
8S HBM4

6th Gen NVSwitch
3600 GB/s

ECTETTTT

Rubin Ultra
16S HBMA4e

7t Gen NVSwitch
3600 GB/s

Feynman
Next-Gen HBM

8th Gen NVSwitch
NVL-Next

Spectrum>S
51T Spectrumo i Spectrum?
102T, CPO J| 204T, CPO
S
Oberon Kyber
SYSTEM NVL72 NVL576
Liquid Cooled Ligquid Cooled
2025 2026 2027 2028




Reinventing $500B Enterprise IT For the Age of Al
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DGX Station

The Ultimate Workstation
for Al and Data Science

® GB300 Superchip

®» 784 GB Unified System Memory

®» 20,000 Al TFLOPS

llllllllllllllllllllllll

llllll

®» ConnectX-8 SuperNIC

yi— 2{0),\ ¢ D<A L Technologies @ )\ | Lambda




NVIDIA Al Infrastructure for Enterprise Computing
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DGX
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| o DGX RTX PRO
RTX PRO Station Enterprise Server
Workstation
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Announcing Storage Leaders Build
Al Data Platforms for Enterprise Al

Semantic Query Agent
NVIDIA Al-Q Blueprint

—
o don D<A L Technologies Hewlett Packard ® Hitachi Vantara

Enterprise

M NetApp  NUTANDS D PURESTORAGE  S7vAST NN WEKA

Compute Node
NVIDIA Blackwell
NVIDIA BlueField
NeMo Retriever k
4 4 4 NVIDIA Spectrum-X
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Enterprise Files Vector Database Storage Node
NVIDIA cuVs / NVIDIA BlueField /

ConnectX




DAL

Technologies NVIDIA.
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Announcing NVIDIA Llama Nemotron Reasoning
Distilled, Quantized, Aligned, and Optimized by NVIDIA
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Accenture Al Refinery

Knowledge

Data Extraction Vector DB

KeyVault Distributed
Service Cache Server
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Session Creation

Governance & Observability

Usage Tracker FinOps

Infra, Token, Agent

Dashboard
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Super Agent
Customized
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NVIDIA Riva ‘ & Answer

Hi Alex! I'm Matt, your Al Agent. | hope
you're having a great day. | wanted to let
. Expected bill ‘ you know that your bill is expected to be
higher than previous months, so we
) wanted to give you a heads-up and explain
the changes.

NVIDIA Digital
Human Blueprint ® Reasoning
Personalized insight and clear billing
review
~_ ‘__. + We start by understanding your
profile to tailor our service to the
Retention customer.
Agent « We dive into your billing details to
/ ensure everything is clear and
Ordering (\’ sz Llama Nemotron ‘
Agent V. i .
9 & T Reasoning NeMo Guardrails

Customer
(@ Engagement
NeMo Guardrails Platform

- @ ;I:::tization
Care Agent

? Telco Skills

NVIDIA NIM NVIDIA NeMo Retriever

an X-RAY view
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Ask AT&T Gen Al Platform

AT&T Knowledge Base

AT&T KDA

AT&T Docs

NVIDIA NeMo Curator

AT&T Data

AT&T Domain
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BlackRock.

-
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BlackRock’s Aladdin Platform

Session Metadata

Aladdin Clients
User Query

Responsible Al Moderation

User Response

Filtering and Access Control

ALADDIN COPILOT

NeMo Guardrails

This material is provided for informational purposes only and is not intended to be relied upon as a forecast, research or investment advice, and is not a recommendation, offer or solicitation to buy or sell any secunties or to adopt any investment strategy. The opinions expressed are subject to change at any time without notice. The information and opinions contained in this material are derived from

Orchestration

Plugin Registry

NVIDIA NIM

proprietary and nonproprietary sources deemed by BiackRock to be reliable, are not necessarily all-inclusive and are not guaranteed as fo accuracy. This material may nof be reproduced for, disclosed fo or oftherwise provided in any format to any other person or entity without the prior written consent of BlackRock,

22025 BlackRock, Inc. All rights reserved, BLACKROCK is a trademark of BlackRock, Inc., and it's affiliates, All other marks are the property of their respective owners.
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Cadence® JedAl Platform

User
Apps

Cadence
Tools as

Agents

Model
Refinement
And
Embedding

Cadence
3rd Party

Innovus ™
Spectre™

Jasper® PR—

Xcelium™
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Cadence
3rd Party

ANALYTICS

INGESTION
API's

SECURIT

COMPUTE

cadence

Cadence Agentic Al

Verification

PCB/3D-IC

Multiphysics

Data Center

DATA
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OnCloud

Cadence® JedAl Platform

Inference Refinement Embedding

Retrieval
Augmented

Generation

Foundation
Models
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NVIDIA NIM Llama Nemotron
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+>& Customer
m Farm




/
Capital One MACAW

Synthetic Data Generation Customization
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/_7 Evaluation

Customized LLM @
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Prompts NVIDIA Triton Synthetic Data

L. Inference Server NVIDIA NeMo 0) %}q
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NVIDIA TensorRT NVIDIA A100

Open Weight @‘H . .
LLMs ] | | |

Kubernetes
Kubernetes

. N Optimized LLM
Customized LLMs Optimization - Herd

o ) | |
Optimization % . Compilation .
FP8 ) ﬂ%}
MACAW

NVIDIA TensorRT  EAGLE
User
.7- @ Understander Planner Evaluator
Real-time I .

NeMo Gyardrails P

Optimized QL% :9'::’“
SLM %% LLM Herd e B

9 @ ®

NVIDIA A10G NVIDIA NeMo NVIDIA TensorRT Kubernetes NVIDIA H100

Inference

|
e |
e




Deloitte.
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Deloitte Zora Al

NVIDIA NIM

Model Endpoints
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Data Ingestion & Curation

Llama Nemotron
Chunking Processing Indexing Reason

CSP Database

External data

Enterprise Core

ERP Illustrative Example (SAP)

ERP Al Core

Al API

Trust & Control

LLM Apps/Frameworks

LLM tuning

Financial tabular data

Cloud DB

Views

Vector*
Engine
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EY.ai Agent Platform

Ingestion Pipeline
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Nasdaq Generative Al Platform
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Gen Al Account

Chat

High Code Skill |

GPU Inference Account
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Authorizer Skill Skill ~ Hosted Data Container' External Private
Connector ~ Connector = Skill Connector Skill VPC
Endpoint

Data Container Management Data Container

A EeWl
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SAP Business Al

SAP APPLICATIONS

R
v

SAP BUSINESS TECHNOLOGY PLATFORM

Orchestration

Generative Al NVIDIA NeMo Retriever NVIDIANIM  Llama Nemotron Reason (eval)

Hub in SAP Al Launchpad
SR delsp . ﬁ'f S

Open source Foundation Models

Cloud ERP Data CRM Data Spend Data HXM Data .
Vector Engine Knowledge Graph




servicenow.
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ServiceNow Al Agents

Triggers

L)

Primary Secondary

S

Context

Short & Long-term Memory

O
Vo

- User Message .

ServiceNow Agentic Workflow

Autonomous, adaptive, goal-driven intelligence

Knowledge

Internal & External
Retrieval

NVIDIA NeMo

Agent Collaboration

Tools Action

LLM (Planners)
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ROBOTS - THE NEXT MULTI-TRILLION DOLLAR INDUSTRY

SIMULATE







FROM ONE TO THREE
SCALING LAWS

TEST-TIME'SCALING
"LONG THINKING”

"INTELLIGENCE"
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NVIDIA Omniverse With Cosmos

Physical Al Digital Twin Operating System

A

NVIDIA Omniverse
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Pick up the industrial object
and place in yellow bin.

Announcing NVIDIA Isaac GROOT N1
Humanoid Foundation Model

Sensor
Tokens
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NVIDIA GTC 2025

Top 4 US CSPs \
3.6M !E:I
__ Blackwell GPUs So Far =V
(2-GPUs per Chip) Formman
Mext-Gon HB
4 4
era CPU Wera CPU
e ol il | @l
— m IA
1.3M s = o Ceoocan | 280000 e
Hopper GPUs = | il
\ \ | e =1 | IS
= | = ﬂ':ll I = | i
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2024 2025

TKS for 1 User

Al INFRASTRUCTURE

BLACKWELL IN BLACKWELL NVL72 AND VERA RUBIN Al INFRASTRUCTURE
FULL PRODUCTION DYNAMO 40X FOR INFERENCE NVIDIA PHOTONICS FOR $500B ENTERPRISE IT FOR ROBOTS

Al INFRASTRUCTURE
FOR Al CLOUDS

$1T Computing Reasoning 100X One-Shot Annual Rhythm for the New Compute, Networking, Physical Al For
Inflection Point Blackwell 40X Hopper World to Build-Out Storage, Software $50T Industrial and Robotics
Al Infrastructure
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